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ABSTRACT

This model works to get the scenario of an image irrespective of what it contains in it. It
functions on open cv, NLP, webpage. This system searches the image with the dictionary
and give the desired result. The user can get the correct scenario of any kind of image he
has. The vision of the computer has been improved magnificently in recent years. By using
all the new technologies object detection became very easy and also gives accurate
results. The next gen computers are not only detecting objects but also matching the
scenarios. The algorithm used to find scenario is ResNet — 50. Image Net is the dataset we

used to train this model.
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CHAPTER 1
INTRODUCTIO
N

1.1 INTRODUCTION

In the 21% century with advancement of the technology is very much helpful
for all the people including physically challenged. In ancient times it was too
difficult for them to learn study but now with the use of technologies it became very

easy for them.

A scenario is a specific possibility. When people are wondering what to do,
they think of different scenarios. For example, if a man is walking on a road. By
using our webpage user can give any image and he /she can get the exact
scenario of that image he gives. That's how this project going to work. This idea
will be useful for so many people in so many ways. In this document we are going
to see how we are developing this, what are all the technicalities used, what are all

the uses of it and so on.

Visually impaired people finding it very difficult to visualize things in all
aspects. Even though they have various different methods to learn still they are
having very much difficulty in finding the exact scenario of a picture. So this idea

will be definitely helpful for them to visualize the scenario they wanted

1.2 RESEARCH ANDSIGNIFICANCE

The primary aim of this proposed idea is to find the scenario from the image
which user gives. The image can be anything. Our system will give the exact
scenario of that image. We are building our dataset in a way that it can give the

exact scenario of any image which is shared by the user.



CHAPTER 2
AIM AND SCOPE

2.1 AIM OF PROJECT

The primary aim of this proposed system is to find the scenario from the image
which user gives. The image can be anything. Our system will give the exact

scenario of that image.

2.1.1 OBJECTIVES

The proposed model “Image based scenario generation” is based on
the new technologies which makes the whole process efficient. It is going to be
very important and profitable for the whole society especially for the visually
challenged people and also for the people who loves to surf images. This
system will provide more accurate scenario based on the image which user
gives. It will be very helpful for the visually impaired to visualize the scenario

and thus it will help them to learn more efficiently.

2.2 SCOPE

This model will help in creating exact scenario from the image which user
gives. This will be helpful for the people who loves to search images especially for
the visually limited people. This will surely help in bringing down the barrier

between visually impaired and sighted people. That's how it will work.

2.2.1 ADVANTAGES

» Better results while surfing images.

» Gives better accuracy in image searching



CHAPTER 3

SYSTEM DESIGN & METHODOLOGY

3.1 EXISTING SYSTEM

In existing system, it aims at generating automated captions by learning the contents
of the image. At present images are annotated with human intervention and it becomes
nearly impossible task for huge commercial databases. The image database is given as
input to a deep neural network (Convolutional Neural Network (CNN)) encoder for
generating "thought vector" which extracts the features and nuances out of our image and
RNN (Recurrent Neural Network) decoder is used to translate the features and objects
given by our image to obtain sequential, meaningful description of the image. In this paper,
we systematically analyze different deep neural network-based image caption generation
approaches and pretrained models to conclude on the most efficient model with fine-tuning.
The analyzed models contain both with and without “attention' concept to optimize the
caption generating ability of the model. All the models are trained on the same dataset for
concrete comparison.

Describing the contents of images is a challenging task for machines to achieve. It
requires not only accurate recognition of objects and humans, but also their attributes and
relationships as well as scene information. It would be even more challenging to extend this
process to identify falls and hazardous objects to aid elderly or users in need of care. This
research makes initial attempts to deal with the above challenges to produce multi-
sentence natural language description of image contents. It employs a local region-based
approach to extract regional image details and combines multiple techniques including
deep learning and attribute learning through the use of machine learned features to create
high level labels that can generate detailed description of real-world images. The system
contains the core functions of scene classification, object detection and classification,
attribute learning, relationship detection and sentence generation. We have also further
extended this process to deal with open-ended fall detection and hazard identification. In

comparison to state-of-the-art related research, our system shows superior robustness and



flexibility in dealing with test images from new, unrelated domains, which poses great

challenges to many existing methods. Our system is evaluated on a subset from Flickr8k



and Pascal VOC 2012 and achieves an impressive average BLEU score of 46 and
outperforms related research by a significant margin of 10 BLEU score when evaluated
with a small dataset of images containing falls and hazardous objects. It also shows

impressive performance when evaluated using a subset of IAPR TC-12 dataset.

3.2 SOFTWARE REQUIREMENTS

The basic software requirements to run the program are:

Windows 10
Flask
HTML, CSS, JavaScript

iv.  Browser e.g., Mozilla Firefox, Safari, chrome, etc.
v.  Torch Version
vi.  TensorFlow
vii. ResNet
viii. ~ Python
ix. Cuda

3.3 HARDWARE REQUIREMENTS

The basic hardware required to run the program are:

Hard disk of 20 GB

System memory (RAM) of 4 GB

I3 processor-based computer or higher.
VRAM 10GB

GPU

3.4 SYSTEM FUNCTIONALITIES

O O O

Python: Used for Frontend
Flask: Used for Backend
HTML, CSS, JavaScript: Used as Frontend

TensorFlow: Used for training dataset



o ResNet: Used for Object detection

o Cuda: Used to increase the speed of training

o VRAM: Used for storing processes virtually

CLIP is a significant step towards flexible and practical zero-shot computer vision
classifiers. As mentioned above, the comparison to Visual N-Grams is meant for
contextualizing the performance of CLIP and should not be interpreted as a direct methods
comparison between CLIP and Visual N-Grams as many performance relevant differences
between the two systems were not controlled for. For instance, we train on a dataset that is
10x larger, use a vision model that requires nearly 100x more compute per prediction, likely
used over 1000x their training compute, and use a transformer-based model which did not
exist when Visual N-Grams was published. As a closer comparison, we trained a CLIP
ResNet-50 on the same YFCC100M dataset that Visual N-Grams was trained on and found
it matched their reported ImageNet performance within a V100 GPUday. This baseline was
also trained from scratch instead of being initialized from pre-trained ImageNet weights as
in Visual N-Grams. CLIP also outperforms Visual N-Grams on the other 2 reported
datasets. On Yahoo, CLIP achieves a 95% reduction in the number of errors, and on SUN,
CLIP more than doubles the accuracy of Visual N-Grams. To conduct a more
comprehensive analysis and stress test, we implement a much larger evaluation suite
detailed in Appendix A. In total we expand from the 3 datasets reported in Visual NGrams
to include over 30 datasets and compare to over 50existing computer vision systems to
contextualize results. CLIP is pre-trained to predict if an image and a text snippet are paired
together in its dataset. To perform zero-shot classification, we reuse this capability. For
each dataset, we use the names of all the classes in the dataset as the set of potential text
pairings and predict the most probable (image, text) pair according to CLIP. In a bit more
detail, we first compute the feature embedding of the image and the feature embedding of
the set of possible texts by their respective encoders. The cosine similarity of these
embeddings is then calculated, scaled by a temperature parameter 1, and normalized into

a probability distribution via a SoftMax. Note that this prediction layer is a multinomial



logistic regression classifier with L2-normalized inputs, L2-normalized weights,



no bias, and temperature scaling. When interpreted this way, the image encoder is the
computer vision backbone which computes a feature representation for the image and the
text encoder is a hypernetwork (Ha et al., 2016) which generates the weights of a linear
classifier based on the text specifying the visual concepts that the classes represent. Lei Ba
et al. (2015) first introduced a zero-shot image classifier of this form while the idea of
generating a classifier from natural language dates back to at least Elhoseiny et al. (2013).
Continuing with this interpretation, every step of CLIP pre-training can be viewed as
optimizing the performance of a randomly created proxy to a computer vision dataset which
contains 1 example per class and has 32,768 total classes defined via natural language
descriptions. For zero-shot evaluation, we cache the zero-shot classifier once it has been
computed by the text encoder and reuse it for all subsequent predictions. This allows the

cost of generating it to be amortized across all the predictions in a dataset.

3.5 TRAINING

We train a series of 5 ResNets and 3 Vision Transformers. For the ResNets we train
a ResNet-50, a ResNet-101, and then 3 more which follow Efficient Net-style model scaling
and use approximately 4x, 16x, and 64x the compute of aResNet-50. They are denoted as
RN50x4, RN50x16, andRN50x64 respectively. For the Vision Transformers we train a ViT-
B/32, a ViT-B/16, and a ViT-L/14. We train all models for 32 epochs. We use the Adam
optimizer (Kingma& Ba, 2014) with decoupled weight decay
regularization(Loshchilov&Hutter, 2017) applied to all weights that are not gains or biases,
and decay the learning rate using a cosine schedule (Loshchilov&Hutter, 2016). Initial
hyperparameters were set using a combination of grid searches, random search, and
manual tuning on the baseline ResNet50 model when trained for 1 epoch. Hyper-
parameters were then adapted heuristically for larger models due to computational
constraints. The learnable temperature parameter was initialized to the equivalent of 0.07
from (Wu et al.,2018) and clipped to prevent scaling the logits by more than 100 which we
found necessary to prevent training instability. We use a very large minibatch size of
32,768. Mixed-precision (Micikevicius et al., 2017) was used to accelerate training and
save memory. To save additional memory, gradient checkpointing (Griewank& Walther,
2000; Chen et al., 2016), half-precision Adam statistics (Dhariwalet al., 2020), and half-



precision stochastically rounded text encoder weights were used. The calculation of

embedding similarities was also sharded with individual GPUs computing only the subset of



the pairwise similarities necessary for their local batch of embeddings. The largest
ResNetmodel, RN50x64, took 18 days to train on 592 V100 GPUs while the largest Vision
Transformer took 12 days on 256 V100GPUs. For the ViT-L/14 we also pre-train at a higher
336pixel resolution for one additional epoch to boost performance similar to Fires (Touvron
et al.,, 2019). We denote this model as ViT-L/14@336px. Unless otherwise specified, all

results reported in this paper as “CLIP” use this model which we found to perform best.

3.6 REPRESENTATION LEARNING

While we have extensively analyzed the task-learning capabilities of CLIP through
zero-shot transfer in the previous section, it is more common to study the representation
learning capabilities of a model. There exist many ways to evaluate the quality of
representations as well as disagreements over what properties an “ideal” representation
should have. Fitting a linear classifier on a representation extracted from the model and
measuring its performance on various datasets is a common approach. An alternative is
measuring the performance of end-to-end fine-tuning of the model. This increases flexibility,
and prior work has convincingly demonstrated that fine-tuning outperforms linear
classification on most image classification datasets. While the high performance of fine-
tuning motivates its study for practical reasons, we still opt for linear classifier-based
evaluation for several reasons. Our work is focused on developing a high-performing task
and dataset-agnostic pre-training approach. Fine-tuning, because it adapts representations
to each dataset during the fine-tuning phase, can compensate for and potentially mask
failures to learn general and robust representations during the pre-training phase. Linear
classifiers, because of their limited flexibility, instead highlight these failures and provide
clear feedback during development. For CLIP, training supervised linear classifiers has the
added benefit of being very similar to the approach used for its zero-shot classifiers which
enables extensive comparisons and analysis in Section 3.1. Finally, we aim to compare
CLIP to a comprehensive set of existing models across many tasks. Studying 66 different
models on 27 different datasets requires tuning 1782 different evaluations. Fine-tuning
opens up a much larger design and hyperparameter space, which makes it difficult to fairly
evaluate and computationally expensive to compare a diverse set of techniques as
discussed in other large scale empirical studies. By comparison, linear classifiers require

minimal hyper-parameter tuning and have standardized implementations and evaluation



procedures. Please see Appendix A for further details on evaluation. Figure 10 summarizes



our findings. To minimize selection effects that could raise concerns of confirmation or
reporting bias, we first study performance on the 12-dataset evaluation suite from Kornblith
et al. (2019). While small CLIP models such as a ResNet-50 and ResNet-101 outperform
other ResNets trained on ImageNet-1K (BiT-S and the originals), they underperform
ResNets trained on ImageNet-21K (BiTM). These small CLIP models also underperform
models in the EfficientNet family with similar compute requirements. However, models
trained with CLIP scale very well and the largest model we trained (ResNet-50x64) slightly
outperforms the best performing existing model (a Noisy Student EfficientNet-L2) on both
overall score and compute efficiency. We also find that CLIP vision transformers are about
3x more compute efficient than CLIP ResNets, which allows us to reach higher overall
performance within our compute budget. These results qualitatively replicate the findings of
Dosovitskiy et al. (2020) which reported that vision transformers are more compute efficient
than convnets when trained on sufficiently large datasets. Our best overall model is a ViT-
L/14 that is fine-tuned at a higher resolution of 336 pixels on our dataset for 1 additional
epoch. This model outperforms the best existing model across this evaluation suite by an
average of 2.6%. As Figure 21 qualitatively shows, CLIP models learn a wider set of tasks
than has previously been demonstrated in a single computer vision model trained end-to-
end from random initialization. These tasks include geo-localization, optical character
recognition, facial emotion recognition, and action recognition. None of these tasks are
measured in the evaluation suite of Kornblith et al. (2019). This could be argued to be a
form of selection bias in Kornblith et al. (2019)’s study towards tasks that overlap with
ImageNet. To address this, we also measure performance on a broader 27 dataset
evaluation suite. This evaluation suite, detailed in Appendix A includes datasets
representing the aforementioned tasks, German Traffic Signs Recognition Benchmark, as

well as several other datasets adapted from VTAB.



CHAPTER 4

SOFTWARE DEVELOPMENT METHODOLOGY

The creation of computer software is a unique activity. It the design of other
products, such as building a house or writing a book, small mistakes may only
have a minor impact. However, computer software is very integrated so small
mistakes can have a cascading impact on many functions in the software
package. Also, software source code is so readily modified that there can be a
lot of pressure to get major features working first, then go back to the same
sections of code to fix the behavior for unusual circumstances. Because of
these factors, the testing and debugging cycle is key to getting reliable, robust,
bug free software. Software testing is generally broken into two broad
categories. Unit tests are test of an individual section of code, as independently
from the rest of the software as possible. These sections of code may be
termed methods, functions, subroutines, objects, or procedures depending
upon the programming language. Functional tests are tests of the entire piece
of software. These tests may be designed to test various aspects of the
software including; correct behavior, security, performance, robustness,
handling heavy loads, standards compliance, and usability. Occasionally, the
same set of tests may be done multiple times to check for compatibility with
various operating systems, web browsers, or other interdependent
components. Many of the currently popular software development
methodologies focus on test driven development (TDD). This is a process in
which unit tests are designed before or while creating the software to
independently ensure that each section of code is working correctly. Key tests
may even be specified in advance in the design specification documents. This
cuts down on the amount of time that will be spent on testing and debugging
later. This is key to being able to frequently release new versions of the

software with some level of confidence in how well they will work.

Developing high-quality and reliable software is a challenging task that



demands a comprehensive and structured approach. Here comes to help the

concept of the software development life cycle (SDLC).



4.1 SOFTWARE DEVELOPMENT STRATEGIES

Here we will describe from a rather high altitude the various development methods and
processes employed for software today. We focus on designing, creating, and maintaining
large-scale enterprise application software, whether developed by vendors or in-house
development teams. The creation and use of one-off and simple interface programs is no
challenge. Developing huge operating systems such as Microsoft XP with millions of lines
of code (LOC), or large, complex systems such as the FAAs Enroute System, bring very
special problems of their own and are beyond the scope of this book. This is not to say that
the methodology we propose for robust software architecture is not applicable; rather, we
will not consider their applications here. The time-honored enterprise software development
process generally follows these steps :

Specification or functional design, done by system analysts in consort with the potential
end users of the software to determine why to do this, what the application will do, and for
whom it will do it.

Architecture or technical design, done by system designers as the way to achieve the goals
of the functional design using the computer systems available, or to be acquired, in the

context of the enterprise as it now operates. This is how the system will function.

Programming or implementation, done by computer programmers together with the system
designers. Testing of new systems (or regression testing of modified systems) to ensure

that the goals of the functional design and technical design are met.

Documentation of the system, both intrinsically for its future maintainers, and extrinsically

for its future users. For large systems this step may involve end-user training as well.

Maintenance of the application system over its typical five-year life cycle, employing the
design document now recrafted as the Technical Specification or System Maintenance
Document.

Any organization that will develop software is faced with a difficult choice of choosing the
right software development method. Whereas the software development methods used,
play a significant role in the overall software development process. Software development

methods are needed so that the software development process can be systematic so that it



is not only completed within the right time frame but also must have good quality. There are

various methods of software development in System Development Lyfe Cycle (SDLC).



Each SDLC method provides a general guiding line about different software development
and has different characteristics. Each method of software development has its drawbacks
and advantages so that the selection of software development methods should be
compatible with the capacity of the software developed. This paper will compare three
different software development methods: V-Shaped Model, Parallel Development Model,
and lterative Model with the aim of providing an understanding of software developers to
choose the right method.

Software development methods are needed so that the software development process can
be systematic so that it is not only completed within the right time frame but also must have
good quality. Sommerville [10] argues that the software development method is a
representation of the software process. Each development method represents a software
development process from a particular point of view. The software development process
model differs from the software development methodology, a method controls through a
stage (data specification, allocation of needs, control, etc.), while the model has an interest
in providing guidance in a certain order (several steps) in carrying out the tasks that need to
be done to complete a project software.

A major goal of rnodern software development is to follow organized and disciplined
practices throughout the system specification and construction process, rather than to take
an ad hoc approach to programruing. The key idea is to develop and use a software
development methodology, a process for the creation of software. A methodology combines
technical methods with management procedures for software development in a synergistic
fashion, and automated tools in a development support system provide additional
assistance . The underlying philosophy is that use of a methodology can improve many
aspects of the entire software development process, including a better fit to user
requirements, fewer errors in the resulting system, better documentation throughout the

entire process, and significantly reduced costs for system evolution.



4.2 THE STAGES OF SOFTWARE DEVELOPMENT LIFECYCLE (SDLC)

4.2.1Planning and Requirement Analysis: Requirement analysis is the most
important and fundamental stage in SDLC. It is performed by the senior members of the
team with inputs from the customer, the sales department, market surveys and domain
experts in the industry. This information is then used to plan the basic project approach and
to conduct product feasibility study in the economical, operational, and technical areas.
Planning for the quality assurance requirements and identification of the risks associated
with the project is also done in the planning stage. The outcome of the technical feasibility
study is to define the various technical approaches that can be followed to implement the

project successfully with minimum risks.

4.2.2Defining Requirements: Once the requirement analysis is done the next step
is to clearly define and document the product requirements and get them approved from
the customer or the market analysts. This is done through SRS (Software Requirement
Specification) document which consists of all the product requirements to be designed and

developed during the project life cycle.

4.2.3 Designing the product architecture: SRS is the reference for product
architects to come out with the best architecture for the product to be developed. Based on
the requirements specified in SRS, usually more than one design approach for the product
architecture is proposed and documented in a DDS - Design Document Specification. This
DDS is reviewed by all the important stakeholders and based on various parameters as risk
assessment, product robustness, design modularity , budget and time constraints , the best
design approach is selected for the product. A design approach clearly defines all the
architectural modules of the product along with its communication and data flow
representation with the external and third party modules (if any). The internal design of all
the modules of the proposed architecture should be clearly defined with the minutest of the
details in DDS.

4.2.4Building or Developing the Product: In this stage of SDLC the actual

development starts and the product is built. The programming code is generated as per



DDS during this stage. If the design is performed in a detailed and organized manner, code

generation can be accomplished without much hassle. Developers have to follow the



coding guidelines defined by their organization and programming tools like compilers,
interpreters, debuggers etc are used to generate the code. Different high level
programming languages such as C, C++, Pascal, Java, and PHP are used for coding. The

programming language is chosen with respect to the type of software being developed.

4.2.5Testing the Product: This stage is usually a subset of all the stages as in the
modern SDLC models, the testing activities are mostly involved in all the stages of SDLC.
However, this stage refers to the testing only stage of the product where products defects
are reported, tracked, fixed and retested, until the product reaches the quality standards
defined in the SRS.

4.3.6 Deployment in the Market and Maintenance: Once the product is tested and
ready to be deployed it is released formally in the appropriate market. Sometime product
deployment happens in stages as per the organizations. business strategy. The product
may first be released in a limited segment and tested in the real business environment

(UAT- User acceptance testing).
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CHAPTER 5
RESULTS AND DISCUSSION

As a result of this system getting introduced in our defence system, it will
act like a bridge to cover the gap of communication between the police and the
victim. The police will be able to understand the victim better which will further
result in taking quick actions. The victim will not get harassed and will be delivered
with justice in time. It will make the world a better place to live in peace and

togetherness.
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Fig:5.1 Home Page



The Figure 5.1 is the home page of the project. This is the basic outlook of
our website. A home page is generally the primary web page a visitor navigating to
a website from a search engine will see, and it may also serve as a landing page
to attract visitors. The home page is used to facilitate navigation to other pages on
the site by providing links to prioritized and recent articles and pages, and possibly
a search box. For example, a news website may present headlines and first
paragraphs of top stories, with links to full articles. Meanwhile, other websites use
the home page to attract users to create an account. Once they are logged in, the
home page may be redirected to their profile page. This may in turn be referred to

as the "personal home page".

A website may have multiple home pages. Wikipedia, for example, has a
home page at wikipedia.org, as well as language-specific home pages, such as
en.wikipedia.org and de.wikipedia.org. The Uniform Resource Locator (URL) of a

home page is most often the base-level domain name.

In the past, common home page filenames were index.html or default.html.6
Another convention was that if a home page was not created for a website, web
servers would default to display a list of files located in the website's root directory.

These conventions are largely obsolete on the modern Web. [citation needed]

When a web browser is launched, it may automatically open at least one
web page, sometimes referred to as a "start page". Start pages can be a website
or a special browser page, such as thumbnails of frequently visited websites.
Moreover, there is a niche market of websites intended to be used solely as start
pages.

The figure 5.1 is the basic outlook of the website. There user can upload
any image and get the exact scenario of that image and also user can compare

both the image and the scenario.
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Fig 5.2: uploading image

The Fig 5.2 is the uploading image phase of the project. This page will
appear once the user scroll down from the homepage. Here the user the gets the
option to upload image from the choose file or execute their task as per need. This
page was made to be dynamic using bootstrap. In this system the user interface
build is very attractive and professional. It is the frontend of the project or it can
also be termed as user interface. Here the user the gets the multiple options to
execute their task as per need. The system has access to the images stored on
the system. It is the frontend of the project or it can also be termed as user
interface. Here the user has to select the image which he wants to check the
scenario from the choose file option. After selected he needs to click on upload
image to upload the image. After the image got successfully uploaded user can get
the exact scenario of the image, he uploaded. That's how this entire process

goingtowork.
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Fig 5.3: Result 1

The Fig 5.3 is the result page which generally is the output of the
website. The user uploaded a image of an aquarium. It gives the exact scenario
as a photo of many aquarium fish, and also it gives how much exactly both the

images and scenario matched.
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Fig 5.4: selecting image

The Fig 5.4 shows that the user has to select the image from his system.
The user can select only one image at a time. After selecting the image, user needs to upload the

image to get the scenario. The fig 5.4 shows how to upload the image on the website.
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Fig 5.5: Result 2

The fig 5.5 is another example of how this website works. Here the user
searching a photo of two people playing cricket, the website shows the
result. But it did not give exact result like the player’'s name and everything

that’'s why it shows matching percentage as 53.



CHAPTER 6
CONCLUSION AND FUTURE WORK

CONCLUSION

The model has its own dictionary consists of classes and scenarios. As it has its own
dictionary, whenever user gives a image the model will compare that photo with the photos
which is stored on the class on the dictionary and then gives the desired result. For
instance, if the user wants to find how much amount does the picture and scenario
matches, he can get that also. This will lead to the improvement in the quality of images

and that’s how this going to work.

FUTURE WORK

There are many reverse image search engines are there but this model willdefiniely help in
finding the absolute scenario of the image. It will also come handy for visually impaired
people. Even though they have many ways to learn, this will really help them in building
their confidence. As this also gives the correctness it will be useful to verify whether this is
a correct scenario or not .This will also help to improve the quality of the image and will be

definitely helpful for the people who loves to surf images .
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APPENDIX

A. Source Code

MAIN.PY

import os, clip, terch, json

from PIL import Image

from torchvision.datasets import CIFAR1G68

from flask import Flask, render_template, request

app = Flask(_name_)

device = "cuda"

model, preprocess = clip.load('ViT-B/32', device)
print(" mode loaded done™.format('ViT-B/32"'))

path =

@app.route('/")
home():
return render_template("index.html")

@app.route(' /blog"')
blog():
return render_template("blog.html")

mapp.route( ' /check', methods=["POST"])
check():
file = request.files[ 'inputFile"]
path
path = "static/temp/"+file.filename
image data=file.save(path)

torch.cuda.empty_cache()
print(’ is setup done".format(device})

text = list()
with open('modelh\dictionary.txt', 'r') as f:
text = json.loads(f.read())
print("dictionary of loaded done™.format(len(text)))

text inputs = torch.cat([clip.tokenize{c) for in text]).to(device)




print("dictionary to torch done")
image_input = preprocess(Image.open(path)).unsqueeze(®).to(device)

with torch.no_grad():
image features = model.encode image(image_input)

image features /= image features.norm(dim=-1, keepdim= )

text features /= text features.norm(dim=-1, keepdim= )

similarity = (100.0 * image features @ text features.T).softmax(dim=-1)

values, indices = similarity[0].topk(1)

sen = text[indices[0]]

return render_template('index.html',image=path,sen=sen,score=int(values[@].
blist()*100))

bpp . route( ' /predict’, methods=["GET","POST"])
predit():
path
torch.cuda.empty_cache()
print(request.form[ ‘'sen'])
text_inputs = torch.cat([clip.tokenize(request.form.get('sen'))]).to(device

text_features = model.encode_ text(text_inputs)

print(“"dictionary to torch done")

print(path)

image input = preprocess(Image.open(path)).unsqueeze(0).to(device)

with torch.no_grad():
image features = model.encode_image(image_input)

image features /= image features.norm(dim=-1, keepdim= )
text_features /= text_features.norm(dim=-1, keepdim= )

similarity = (100.0 * image features @ text_features.T).softmax(dim=-1)
values, indices = similarity[©].topk(1)

return

bnder_template('index.html',image=path, sen=request.form[ 'sen’],scor
int(values[9].tolist()*100))

True
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