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ABSTRACT

In this work, the advance of computing technology has provided the means for building

intelligent vehicle systems. The driver drowsiness detection system is one of the

potential applications of intelligent vehicle systems. Here we employ deep learning

techniques to detect driver drowsiness. The input is given in the form of a real-time

webcam video, which will be processed in real-time. The system gives an output in the

form of a red alert and also a sound alert will be shown if the user is found closing their

eyes. The proposed system aims to lessen the number of accidents that occur due to

drivers’ drowsiness and fatigue, which will in turn increase transportation safety. The

existing system leverages CNN which accounts for its low accuracy and high

processing time. The proposed system leverages eye aspect ratio and eyepoints are

used to detect the output perfectly. In this work, we propose a system that detects the

drivers’ fatigue status, such as yawning, blinking, and duration of eye closure, using

video images, without equipping their bodies with devices. Owing to the shortcomings of

previous algorithms, we introduce a new face-tracking algorithm to improve the tracking

accuracy. Further, we designed a new detection method for facial regions, then we use

these facial regions to evaluate the drivers’ state. By combining the features of the eyes

and mouth, the system can alert the driver using a fatigue warning. The experimental

results showed that the system achieved high accuracy.

V



TABLE OF CONTENTS

CHAPTER TITLE Page No.

ABSTRACT V

LIST OF FIGURES IX

1 INTRODUCTION 1

1.1 Introduction 1

1.2 Introduction to Yolo network model 4

1.3 System architecture 6

2 LITERATURE SURVEY 8

2.1 Literature survey 8

2.2 Existing system 13

2.3 CNN in existing model 14

3 AIM AND SCOPE OF THE INVESTIGATION 16

3.1 Aim of the investigation 16

3.2 Scope of the investigation 17

3.3 Objectives 18

3.4 Requirement analysis 18

3.4.1 Deep learning 19

3.4.2 Python 20

4
METHODOLOGY AND IMPLEMENTATION OF PROPOSED
SYSTEM 21

4.1 Modules 21

4.2 System testing 24

4.2.1 Unit testing 24

VI



4.2.2 Functional testing 24

4.2.3 Performance test 25

4.2.4 Stress test 25

4.2.5 Structure test 25

4.2.6 Integration test 25

4.3 Testing techniques / testing strategies 26

4.3.1 White box testing 27

4.3.2 Black box testing 27

4.4 Software testing strategies 27

4.4.1 Integration testing 28

4.4.2 Program testing 28

4.4.3 Security testing 29

4.4.4 Validating testing 29

4.5 YOLO in proposed system 30

4.5.1 Introduction to yolov5 network model 32

4.6 Proposed system 33

4.6.1 Use-case diagram 33

4.6.2 Activity diagram 35

4.6.3 Sequence diagram 36

4.6.4 Data flow diagram level 0 37

4.6.5 Data flow diagram level 1 37

4.6.6 ER diagram 38

4.7 Advantages of proposed system 39

4.8 Difference between existing and proposed system 40

5 RESULTS AND DISCUSSION 41

5.1 Results 41

5.2 Source code 42

5.3 Login page 44

5.4 Eye detection 45

VII



5.5 Alert detection 46

5.6 Discussion 47

5.7 Performance analysis 48

6 SUMMARY AND CONCLUSION 49

6.1 Summary 49

6.2 Conclusion 50

6.3 Future work 50

REFERENCES 52

VIII



LIST OF FIGURES

FIGURE NO FIGURE NAME PAGE NO

1.1 System architecture 7

4.1 Use-case diagram 34

4.2 Activity diagram 35

4.3 Sequence diagram 36

4.4 Data flow diagram 0 37

4.5 Data flow diagram 1 38

4.6 ER diagram 39

5.1 Source Code 42

5.2 Login page 44

5.3 Eye Detection 45

5.4 Alert Detection 46

IX



1

CHAPTER – 1

INTRODUCTION

1.1 Introduction

The data obtained by this method is reliable, and the physiological signal comes

directly from the human body. The fatigue state analysis is accurate and reliable.

However, the device for detecting physiological signal should be installed on the driver,

which has great interference to the driver. The vehicle information detection method

detects the driver's fatigue state according to the signal characteristics such as the

driver's manipulation of the steering wheel, the change of rotation speed, whether the

pressure on the accelerator pedal is stable, the driving track of the vehicle and so on.

This detection method is simple, but it is easy to be affected by environmental factors,

such as the good road environment, whether the climate is bad, and the anti-interference

ability of the detection system is poor. Along with the rise of convolutional neural

networks, deep learning-based target detection methods have many wide applications in

artificial intelligence, information technology and other fields. The algorithms are mainly

divided into two-stage (two-stage) and single-stage (one-stage) types. Two-stage is

represented by RCNN series, which has high accuracy but low timeliness. The one-

stage type is represented by SSD and YOLO series, which have fast detection speed but

slightly lower accuracy.

The detection of driver fatigue status through new technologies such as machine

vision has also received the attention of many related companies, among which

RAMZAN M gave the latest progress in this field, and Huang Jiaca gave a fatigue driving

detection solution based on key points of the human face. On the industrial side, NOSD

gives a machine learning approach to analyze driving behavior, which is comprehensive

in analysis and variable in patterns, but vulnerable to the environment and costly.

Drowsiness is a leading cause of accidents. As it is reported by National Highway Traffic

Safety Administration (NHTSA), drowsy driving claimed more than 792 lives in 2019.

Since monitoring the driver awareness is of high importance, scientists are mostly

focused on the first stage of sleep process which named drowsiness phase .2
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Primarily, the state of driver drowsiness is detected by monitoring three types of

measurements: physiological-based (using EEG, ECG, EOG and EMG signals ), vehicle-

based (focusing on deviations from lane position, movement of the steering wheel and

pressure on the acceleration pedal ) and behavioral-based measurements (including

yawning, eye closure, head pose etc. ). According to the prior tests, best performance of

drowsiness estimation is achieved by tracking eye behavior [6] hence, in this study eye

state changes and driver yawning is selected to be focused. Existing methods for

classification of open and closed eyes can be largely divided into two categories; 1) Non-

image based such as electrooculography (EOG), which captures the electrical signals of

the muscles in vicinity of eyes and 2) Image-based methods. In the latter approaches,

the first step is determining the eyes location and making decision on its

closeness/openness. In this regard, there are various image processing algorithms for

extracting features.

For instance, there are methods based on support vector machine (SVM) , neural

networks and probability density functions (PDF) and histogram of oriented gradient-

based SVM (HOG-SVM) . Since it is difficult to find the optimal number of mentioned

features in images, we proposed a CNN-based method, based on its classification

capability. Multiple architectures provide the ability to recognize visual patterns directly

from pixel images with minimal preprocessing. For instance, AlexNet, ZFNet, ResNet,

VGGNet and YOLO are designed with different number of convolutional layers, pooling

layers and fully connected layers for distinct applications . As stated in , ResNet50, VGG16

and InceptionV3 are trained, and the features are fused to detect facial movements such

as blinking, yawning and swaying with 78% accuracy. In the Viola-jones Algorithm is

utilized to detect face and eyes, then a fourlayer-convolutional classifier is trained to detect

closed eye as a symbol of drowsiness. In this method, the momentary behavior is

considered and achieved 96.4% with accuracy. Naurois et.all applied MATLAB neural

network toolbox to detect and predict the driver drowsiness.

Drowsiness and sleepiness of drivers is an important cause of road accidents on

expressways, highways, and motorways. These accidents not only result in an economic

loss but may also result in physical injuries, which could result in permanent disability or

even death. In recent years, the fatigue-driving-detection system has become a hot
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research topic. The detection methods are categorized as subjective and objective

detection. In the subjective detection method, a driver must participate in the evaluation,

which is associated with the driver’s subjective perceptions through steps such as self-

questioning, evaluation, and filling in questionnaires.Then, these data are used to estimate

the vehicles being driven by tired drivers, assisting the drivers to plan their scehdules

accordingly.However, drivers’ feedback is not required in the objective detection method as

it monitors the driver’s physiological state and driving-behavior characteristics in real-time .

The collected data are used to evaluate the driver’s level of fatigue. Furthermore, objective

detection is categorized into two: contact and non-contact. Compared with the contact

method, non-contact is cheaper and more convenient because the system that does not

require computer Vision technology or a sophisticated camera allows the use of the device

in more cars.

The aim of this research is to minimize this cause of road accidents. The safe

driving requirement is unavoidable and to attain this, a driver’s drowsiness detection

system is to be incorporated into vehicles. Drowsiness detection using a vehicle-based,

physiological, and behavioral change measurement system is possible with embedded

pros and cons. Advancements in the field of image processing and the development of

faster and cheaper processors direct researchers to focus on behavioral change

measurement systems for drowsiness detection.Computer vision-based drowsiness

detection is possible by closely monitoring the drowsiness symptoms like eye blinking

intervals, yawning, eye closing duration, head position etc. The project deals with the

merits and demerits of the drowsiness symptoms measurement mechanism and computer

vision-based drowsiness detection systems. Drowsiness while driving tends to vehicle

crashes and accidents. Many people die in car collisions every year due to fatigued driving

that results from sleeping deprivation, intoxication, drug and alcohol abuse, exposure to

heat or alcohol. Automobile manufacturers such as Tesla, Mercedes-Benz, and others

have various features for driving assistance such as warning of lane deviation, emergency

braking systems, variable cruise control, and aid steering. These innovations have assisted

drivers in avoiding the incidence of collisions.
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Samsung has investigated the attention level of a driver by reading facial

characteristics and patterns . At the same time, most of these technologies are proprietary

and restricted to high-end cars. These drowsiness identification processes can be divided

depending on some of the methods like based on the context of vehicle, behavioral &

physiological . Multiple methods for the identification of drowsiness have been developed in

the past. Based on vehiclebased, drowsiness identification processes are performed for

monitoring the lane switches, steering wheel spin, velocity, compressions on the accelerator

pedal. These approaches include measurement of driver physiological signals , performance

assessment based on vehicles , and recording behavior . The bio-signal measurement

method demonstrated the highest ability to detect driver drowsiness among these techniques:

unlike the other two approaches, it relies solely on the state of the driver. Based on behavior

like specific eye closure, yawn, and head posture, drowsiness identification processes need a

camera. Another step based on physiological drowsiness identification processes works by

monitoring the tiredness to relate between their physiological signals like EOG

(electrooculogram) and ECG (Electrocardiogram).

The limitation of drowsiness identification processes using the physiological method

is that the diver needs to contain electrodes on their body . There is a substantial restriction

based on vehicle-based drowsiness identification , such as they are prone to forces

connected to drivers and vehicles, road situations. There are many techniques stated in

different literature those has some restrictions and several benefits. The aim of this

research is to propose a cost-effective procedure to identify the drowsiness among divers

while driving vehicles. To develop the drowsiness detector application, we have used a

CNN architecture. This work can be divided into two parts based on the main contribution:

(a) Convolutional neural networks to identify right drowsiness identification processes

based on object detection, (b) and drowsy datasets to help the researchers for drowsiness

identification method.

1.2 INTRODUCTION TO YOLO NETWORK MODEL

Real-time driver drowsiness detection is an essential task for ensuring road safety.

Drowsy driving is a major cause of road accidents, which can lead to injuries or fatalities.

To address this issue, various technologies have been developed, including driver

monitoring systems (DMS). DMS is a technology that can detect the driver's condition by
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analyzing the driver's facial features, head movements, and eye movements.One such

technology is YOLO (You Only Look Once), which is a state-of-the-art object detection

algorithm that can detect and classify objects in real-time video streams. YOLO is an

efficient algorithm that can process video frames quickly and accurately, making it ideal for

real-time applications such as driver drowsiness detection.

The YOLO algorithm works by dividing the input image into a grid of cells and

predicting bounding boxes and objectness scores for each cell. The objectness score is a

measure of how likely it is that an object exists in the cell, and the bounding boxes define

the object's location and size. YOLO uses a single neural network to predict the bounding

boxes and class probabilities for each object in the image. To implement driver drowsiness

detection using YOLO, the algorithm is trained on a dataset of images and videos of

drowsy and alert drivers. The algorithm learns to recognize the key facial features

associated with drowsiness, such as drooping eyelids and yawning. Once the algorithm is

trained, it can be used to detect drowsiness in real time video streams from a camera

mounted in the vehicle. The world has been paying great attention to how to avoid fatigue

driving, and more and more companies and research institutions have designed various

Fatigue driving detection methods are generally divided into three methods based on

physiological signals, based on Fatigue driving detection methods are generally divided into

two methods based on physiological signals, based on vehicle information. The

physiological information detection method collects the driver's physiological signal through

the sensor in direct contact with the human body to judge the driver's fatigue state during

driving.

The data obtained by this method is reliable, and the physiological signal comes

directly from the human body. The fatigue state analysis is accurate and reliable. However,

the device for detecting physiological signal should be installed on the driver, which has

great interference to the driver. The vehicle information detection method detects the

driver's fatigue state according to the signal characteristics such as the driver's

manipulation of the steering wheel, the change of rotation speed, whether the pressure on

the accelerator pedal is stable, the driving track of the vehicle and so on. This detection

method is simple, but it is easy to be affected by environmental factors, such as the good
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road environment, whether the climate is bad, and the anti-interference ability of the

detection system is poor.

In conclusion, real-time driver drowsiness detection using YOLO is a promising

technology for improving road safety. By detecting drowsiness in real-time, drivers can be

alerted to take a break or switch drivers, reducing the risk of accidents caused by drowsy

driving. The YOLO algorithm's efficiency and accuracy make it an ideal choice for real-time

applications, and its ability to recognize complex facial features make it a valuable tool for

driver monitoring systems.Dent scene investigation and rescue equipment industry from

2019 to 2025, it can be concluded that the average number of traffic accidents is 190000

every year, of which 60000 people die from traffic accidents every year. Accidents are

mostly caused by drivers' fatigue driving and other behaviors.

According to the data of China Quality News Network, China's car ownership has

reached 281 million and 418 million drivers in 2020.With the continuous increase of car

ownership in China and the increasing number of drivers, the risk of frequent traffic

accidents increases. The main causes of traffic accidents are fatigue driving, watching

mobile phones and not looking at the road for a short time. The world has been paying

great attention to how to avoid fatigue driving, and more and more companies and research

institutions have designed various Fatigue driving detection methods are generally divided

into three methods based on physiological signals, based on Fatigue driving detection

methods are generally divided into two methods based on physiological signals, based on

vehicle information. The physiological information detection method collects the driver's

physiological signal through the sensor in direct contact with the human body to judge the

driver's fatigue state during driving.

1.3 SYSTEM ARCHITECTURE
This diagram is nothing but a simple description of all the entities that have been

incorporated into the system. The diagram represents the relations between each of

them and involves a sequence of decision-making processes and steps. You can simply

call it a visual or the whole process and its implementation. All functional

correspondences are explained in this diagram.
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Fig1.1. – System Architecture
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CHAPTER – 2
LITERATURE SURVEY

2.1 Literature Survey
[1] Survey on Driver Drowsiness Detection Systems: Mohd Azam et al.
This survey paper by Mohd Azam et al. provides an overview of various techniques used

for driver drowsiness detection, including physiological signals, behavioral signals, and

hybrid approaches. The paper also covers the challenges and limitations associated with

the existing techniques and identifies potential areas of future research. The paper

emphasizes the importance of driver drowsiness detection as a means of reducing road

accidents and improving road safety.Driver drowsiness is a major cause of road accidents,

which can lead to serious injuries and fatalities. Therefore, driver drowsiness detection

systems are essential to improve road safety. The paper provides an overview of various

physiological signals that are used for driver drowsiness detection, such as EEG, ECG,

and EMG. The paper also discusses the behavioral signals, such as eye and head

movements, yawning, and facial expressions. Additionally, the paper explains the various

machine learning techniques used for driver drowsiness detection, such as SVM, k-NN,

and CNN.

The paper highlights the limitations associated with the existing techniques, such as high

cost, low accuracy, and lack of real-time implementation. The paper also identifies

potential areas of future research, such as the use of multi-modal sensors, hybrid

approaches, and the development of low-cost and real-time systems. The paper

concludes that driver drowsiness detection is an important area of research that can

contribute significantly to road safety.

[2] Survey on Driver Drowsiness Detection Systems using Deep Learning: Feras
Alsheikh et al.
The paper discusses the recent advancements in deep learning techniques for driver

drowsiness detection and identifies the challenges associated with the existing techniques.

The paper also suggests potential areas of future research.

The paper explains the principles of deep learning techniques, such as artificial neural

networks and convolutional neural networks, and their applications in driver drowsiness

detection. The paper also provides an overview of the datasets used for training and
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testing the deep learning models. Additionally, the paper discusses the challenges

associated with the existing techniques, such as the lack of a standardized evaluation

protocol and the need for robust models that can handle variations in driver behavior.The

paper highlights the recent advancements in deep learning techniques for driver

drowsiness detection, such as the use of transfer learning, attention mechanisms, and

multi-modal sensor fusion. The paper also identifies potential areas of future research,

such as the development of online learning algorithms, the use of unsupervised learning

techniques, and the integration of contextual information for improved performance

[3]Driver Drowsiness Detection using Deep Learning: A Review: Jitendra Katiyar et
al.
The paper explains the principles of deep learning techniques, such as artificial neural

networks and convolutional neural networks, and their applications in driver drowsiness

detection. The paper also discusses the challenges associated with the existing

techniques, such as the lack of robustness to variations in driver behavior.The paper

highlights the recent advancements in deep learning techniques for driver drowsiness

detection, such as the use of transfer learning, attention mechanisms, and multi-modal

sensor fusion. The paper also provides an overview of the datasets used for training and

testing the deep learning models. Additionally, the paper discusses the limitations of the

existing techniques and identifies potential areas of future research, such as the use of

generative adversarial networks for data augmentation and the development of online

learning algorithms for improved performance.

[4] Comprehensive Review of Driver Drowsiness Detection Techniques: Amira S.
Ashour et al.
The paper also covers the challenges and limitations associated with the existing

techniques and identifies potential areas of future research.The paper provides an in-

depth discussion of the physiological signals used for driver drowsiness detection, such

as EEG, ECG, and EMG. The paper also explains the behavioral signals, such as eye

and head movements, yawning, and facial expressions. Additionally, the paper discusses

the machine learning techniques used for driver drowsiness detection, such as SVM, k-

NN, and fuzzy logic.The paper highlights the limitations associated with the existing

techniques, such as the high cost and low accuracy. The paper also identifies potential

areas of future research, such as the use of multi-modal sensors and hybrid approaches,
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and the development of low-cost and real-time systems. The paper concludes that driver

drowsiness detection is an important area of research that can contribute significantly to

road safety.

[5] A Survey of Driver Drowsiness Detection Systems: Techniques and Algorithms:
Ahmed A. M. Ali et al.
The paper also discusses the machine learning techniques used for driver drowsiness

detection, such as SVM, k-NN, and decision trees. Additionally, the paper explains the

algorithms used for driver drowsiness detection, such as feature extraction and

classification.The paper highlights the limitations associated with the existing techniques,

such as the lack of a standardized evaluation protocol and the need for robust models

that can handle variations in driver behavior. The paper also identifies potential areas of

future research, such as the use of deep learning techniques and the development of

real-time systems.

[6] A Review on Driver Drowsiness Detection Systems using Machine Learning
Techniques: Ali Benomrane et al.
This review paper by Ali Benomrane et al. provides an overview of various machine

learning techniques used for driver drowsiness detection, such as SVM, k-NN, and

decision trees. The paper also explains the algorithms used for driver drowsiness

detection, such as feature extraction and classification. Additionally, the paper discusses

the limitations of the existing techniques and identifies potential areas of future research.

The paper highlights the importance of driver drowsiness detection as a means of

reducing road accidents and improving road safety. The paper also emphasizes the need

for robust models that can handle variations in driver behavior. The paper identifies

potential areas of future research, such as the use of deep learning techniques and the

development of online learning algorithms for improved performance.

[7] A Review of Driver Drowsiness Detection Systems using Eye Blink Parameters:
Ali Shariq Imran et al.
This review paper by Ali Shariq Imran et al. provides an overview of various techniques

used for driver drowsiness detection using eye blink parameters. The paper explains the

importance of eye blink parameters in driver drowsiness detection and provides an

overview of the datasets used for training and testing the models. Additionally, the paper

discusses the limitations of the existing techniques and identifies potential areas of future



11

research.The paper highlights the recent advancements in driver drowsiness detection

using eye blink parameters, such as the use of deep learning techniques and the

development of real-time systems. The paper also emphasizes the need for standardized

evaluation protocols and the importance of incorporating contextual information for

improved performance.

[8]A Review of Driver Drowsiness Detection Systems using Brain Signal Analysis:
Farhan A. Salem et al.
The paper explains the importance of brain signal analysis in driver drowsiness detection

and provides an overview of the datasets used for training and testing the models.

Additionally, the paper discusses the limitations of the existing techniques and identifies

potential areas of future research.The paper highlights the recent advancements in driver

drowsiness detection using brain signal analysis, such as the use of deep learning

techniques and the development of real-time systems. The paper also emphasizes the

need for standardized evaluation protocols and the importance of incorporating contextual

information for improved performance.

[9] Deep Learning for Driver Drowsiness Detection: A Review: Mohammad Abdullah
Al Faruque et al.
Deep Learning for Driver Drowsiness Detection: This review paper by Mohammad

Abdullah Al Faruque et al. provides an overview of recent advancements in deep learning

techniques for driver drowsiness detection. The paper explains the principles of deep

learning techniques, such as artificial neural networks and convolutional neural networks,

and their applications in driver drowsiness detection. Additionally, the paper discusses the

datasets used for training and testing the deep learning models and identifies potential

areas of future research.The paper highlights the limitations of the existing techniques

and emphasizes the importance of addressing the challenges associated with driver

drowsiness detection, such as the variations in driver behavior. The paper also identifies

potential areas of future research, such as the development of multi-modal sensor fusion

techniques and the use of online learning algorithms for improved performance.

[10] Real-time Drowsiness Detection Systems for Drivers: A Review of Recent
Research: Fangzhou Wang et al.
Real-time Drowsiness Detection Systems for Drivers: A Review of Recent Research: This

review paper by Fangzhou Wang et al. provides an overview of recent advancements in
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real-time drowsiness detection systems for drivers. The paper explains the importance of

real-time implementation in driver drowsiness detection and provides an overview of the

datasets used for training and testing the models. Additionally, the paper discusses the

limitations of the existing techniques and identifies potential areas of future research.The

paper highlights the recent advancements in real-time drowsiness detection systems for

drivers, such as the use of deep learning techniques and the development of multi-modal

sensor fusion techniques. The paper also emphasizes the importance of standardized

evaluation protocols and the need for robust models that can handle variations in driver

behavior.

[11] A Comprehensive Survey on Driver Drowsiness Detection Techniques: Deep
Learning and Traditional Approaches: K. Balamurugan et al.
The paper explains the principles of traditional approaches, such as feature extraction

and classification, and their applications in driver drowsiness detection. The paper also

explains the principles of deep learning techniques, such as artificial neural networks and

convolutional neural networks, and their applications in driver drowsiness detection.The

paper highlights the recent advancements in driver drowsiness detection using traditional

approaches and deep learning techniques. The paper also emphasizes the importance of

standardized evaluation protocols and the need for robust models that can handle

variations in driver behavior. The paper identifies potential areas of future research, such

as the use of multi-modal sensor fusion techniques and the development of online

learning algorithms for improved performance.

[12] A Comparative Study of Driver Drowsiness Detection Techniques using EEG
Signals: Nisha Pillai et al.
A Comparative Study of Driver Drowsiness Detection Techniques using EEG Signals:

This comparative study paper by Nisha Pillai et al. compares the performance of various

machine learning techniques for driver drowsiness detection using EEG signals. The

paper explains the importance of EEG signals in driver drowsiness detection and provides

an overview of the datasets used for training and testing the models.

The paper compares the performance of various machine learning techniques, such as

SVM, k-NN, and decision trees, and identifies the limitations of the existing techniques.

Additionally, the paper proposes a hybrid approach that combines multiple machine

learning techniques for improved performance.
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2.2 EXISTING SYSTEM

Driver drowsiness detection system is based on eye-tracking technology. These

systems use cameras to monitor the driver's eye movements and detect signs of

drowsiness, such as prolonged eye closure or a decrease in blink rate. Eye-tracking

systems can be accurate and reliable, and they do not require the driver to wear any

special equipment. However, they can be affected by external factors such as sunlight

and can be expensive to implement.Another type of system is based on steering wheel

sensors. These systems detect changes in steering patterns, such as drifting or swerving,

which could indicate drowsiness. Steering wheel sensors are relatively simple and

inexpensive to implement, and they do not require the driver to wear any special

equipment. However, they can also be affected by external factors such as road

conditions and can produce false alarms in situations where the driver is not actually

drowsy.

Electroencephalogram (EEG) systems are another type of driver drowsiness detection

system. These systems use sensors to measure brain activity and detect changes in

brainwave patterns that are associated with drowsiness. EEG systems can be highly

accurate and reliable, and they can provide real-time feedback to the driver. However,

they can be expensive to implement and require the driver to wear special equipment,

which can be uncomfortable and cumbersome.Heart rate monitors are another type of

driver drowsiness detection system. These systems measure the driver's heart rate and

detect changes that could indicate drowsiness. Heart rate monitors are relatively

inexpensive and can be integrated into existing vehicle systems. However, they can be

affected by external factors such as physical exertion and can produce false alarms in

situations where the driver is not actually drowsy.

Wearable devices are another emerging technology for driver drowsiness detection.

These devices can be worn by the driver and monitor various physiological signals, such

as skin conductance, to detect signs of drowsiness. Wearable devices are portable and

easy to use, and they can provide real-time feedback to the driver. However, they can

also be affected by external factors such as sweating and can produce false alarms in

situations where the driver is not actually drowsy.In summary, there are several existing

systems for driver drowsiness detection, each with its advantages and limitations.
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The choice of system depends on various factors such as cost, accuracy, and

practicality. In the development of a driver drowsiness detection system, it is important to

consider these factors and select the most appropriate system for the intended application.

The ultimate goal of these systems is to improve road safety by detecting driver

drowsiness in real-time and alerting the driver to take appropriate action.

2.3 CNN IN EXISTING MODEL
Convolutional neural networks (CNNs) are a type of deep learning algorithm that have

shown promising results in driver drowsiness detection. CNNs are particularly well-suited

for image and video analysis tasks, making them a natural fit for applications such as

driver drowsiness detection that involve processing visual data.In the context of driver

drowsiness detection, CNNs can be trained on large datasets of images or video clips that

show drivers in various stages of drowsiness. The CNNs can learn to detect patterns in

the visual data that are indicative of drowsiness, such as drooping eyelids or a lack of

facial movement.One example of a CNN-based driver drowsiness detection system is the

Drowsy Driver Detection System (DDDS) developed by researchers at the Indian Institute

of Technology Ropar. This system uses a CNN to analyze images of the driver's face

captured by a camera mounted on the dashboard. The CNN is trained to detect facial

landmarks and to track changes in the position and shape of these landmarks over time.

The system uses this information to detect signs of drowsiness, such as drooping

eyelids or a lack of facial movement, and to issue an alert to the driver when drowsiness

is detected. Another example is the system developed by researchers at the University of

South Wales in Australia. This system uses a CNN to analyze video footage of the driver's

face and eyes, as well as the steering wheel and vehicle speed. The CNN is trained to

detect changes in facial expression and eye movements that are indicative of drowsiness,

as well as changes in steering and speed that suggest a lack of attentiveness. The

system can issue an alert to the driver when drowsiness is detected, or even take control

of the vehicle in extreme cases.CNN-based driver drowsiness detection systems have

several advantages over traditional methods. For example, they can be trained to detect

complex patterns in visual data that may not be apparent to human observers. They can
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also be trained on large datasets of images or videos, which can improve their accuracy

and robustness.

In addition, CNNs can be applied to a variety of different sensors and modalities, such

as cameras, lidar, and radar, making them a versatile technology for driver drowsiness

detection. However, there are also some challenges associated with CNN-based driver

drowsiness detection systems. For example, they can be computationally intensive and

may require powerful hardware to run in real-time. In addition, they may be affected by

factors such as lighting conditions, camera angle, and the presence of other passengers

in the vehicle. Nevertheless, these challenges can be addressed through careful system

design and testing.

In summary, CNNs are a promising technology for driver drowsiness detection that

have shown great potential in recent research. They can be trained on large datasets of

visual data to detect patterns that are indicative of drowsiness, and can be applied to a

variety of different sensors and modalities. While there are some challenges associated

with CNN-based driver drowsiness detection systems, they offer a promising avenue for

improving road safety and reducing the number of accidents caused by drowsy driving.
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CHAPTER – 3
AIM AND SCOPE OF THE INVESTIGATION

3.1 AIM OF THE INVESTIGATION

The aim of this investigation is to develop a real-time driver drowsiness detection

system using YOLO (You Only Look Once) algorithm. Drowsy driving is a major cause of

road accidents, which can lead to serious injuries and fatalities. Therefore, the

development of an accurate and reliable drowsiness detection system can significantly

improve road safety.The proposed system will use a camera mounted on the dashboard

to monitor the driver's facial expressions and movements in real-time. YOLO, which is an

object detection algorithm, will be trained to detect facial landmarks and movements

associated with drowsiness, such as droopy eyes and head nods. The algorithm will

analyze the facial features and provide an alert to the driver when signs of drowsiness

are detected.

The investigation will focus on optimizing the YOLO algorithm to achieve high

accuracy and real-time performance. The system will be tested on a dataset of driver

images captured under different lighting and driving conditions. The dataset will include

both drowsy and alert drivers to ensure the system can differentiate between the two

states accurately.The investigation will also explore the use of deep learning techniques,

such as convolutional neural networks (CNNs), to improve the accuracy of the

drowsiness detection system.

CNNs have been shown to be highly effective in image recognition tasks, and can

potentially enhance the performance of the YOLO algorithm.The results of this

investigation can have significant implications for road safety, as a reliable real-time

driver drowsiness detection system can help prevent accidents and save lives.

Additionally, the development of such a system can be used in other applications, such

as monitoring the alertness of employees in high-risk industries, such as aviation and

transportation.
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3.2 SCOPE OF THE INVESTIGATION

Real-time driver drowsiness detection using YOLO (You Only Look Once) is a

technique that uses deep learning algorithms to analyze video footage of drivers and

detect signs of drowsiness in real-time. The scope of investigation for this technique is

broad and encompasses several areas such as computer vision, machine learning, and

transportation safety.The main objective of this investigation is to develop a real-time

drowsiness detection system that can accurately identify when a driver is becoming

drowsy while driving. This system is expected to be highly accurate and capable of

detecting the earliest signs of drowsiness, such as drooping eyelids or head nodding.The

investigation will involve the development of a deep learning model based on YOLO

architecture that can analyze video footage captured from a camera mounted on the

dashboard of a car. The model will be trained on a large dataset of videos of drivers

exhibiting various levels of drowsiness to enable it to accurately detect the signs of

drowsiness.

The investigation will also involve the selection and optimization of various

parameters such as image resolution, frame rate, and detection threshold to ensure that

the system can operate in real-time without compromising accuracy.Additionally, the

investigation will explore the integration of the drowsiness detection system with other

driver assistance technologies such as lane departure warning systems and adaptive

cruise control to enhance overall transportation safety.The scope of driver drowsiness

detection is vast, as it covers all the aspects related to detecting drowsiness in a driver

while driving a vehicle. This includes:Detection methods: The scope includes the various

methods that can be used to detect driver drowsiness. These can range from

physiological measures like heart rate and eye movement to behavioral measures like

steering patterns and lane deviation.Technologies: The scope also includes the

technologies that can be used for detecting drowsiness in drivers.

This includes sensors, cameras, and other monitoring devices that can be

integrated into the vehicle.Applications: The scope of driver drowsiness detection also

includes the various applications of this technology. This includes both commercial and

personal vehicles.Safety: The scope also includes the safety implications of driver

drowsiness. This includes the number of accidents caused by drowsy driving and the
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potential for reducing these accidents through drowsiness detection.Regulations: The

scope also includes the regulations related to driver drowsiness detection. This includes

the standards and guidelines that must be followed for implementing these

systems in vehicles.Overall, the scope of investigation for real-time driver drowsiness

detection using YOLO is to develop a highly accurate and efficient system that can

improve transportation safety by alerting drivers when they are becoming drowsy while

driving.

3.3 OBJECTIVES
The objective of the paper is to detect driver drowsiness by analyzing human eye

blinks using a recent facial landmark detection and to make use of E.A.R(eye aspect

ratio) for easy, fast, and efficient blink detection. Firstly, the face is localized in the image

using facial landmark detection. Then, shape prediction methods are used to detect

important features on the face.Facial landmark detection can be implemented by using a

training image set of labeled facial landmarks. The set is manually labeled by marking

(x,y) coordinates of regions of interest.The Eye aspect ratio is used and eyepoints are

used to detect the output perfectly.

3.4 REQUIREMENT ANALYSIS
Requirement analysis is an essential step in the development of any complex

system, and driver drowsiness detection is no exception. The goal of requirement

analysis is to ensure that the system is designed to meet the needs and expectations of

its stakeholders. The first step in requirement analysis for driver drowsiness detection is

to define the scope and objectives of the system. This involves identifying the specific

features and functions that the system should have, such as real-time monitoring of

driver behavior, alarm notifications, and data analytics capabilities. It is important to

establish clear objectives for the system, such as reducing the number of accidents

caused by driver drowsiness, and to ensure that the system is designed to achieve these

objectives. Once the scope and objectives of the system have been established, the next

step in requirement analysis is to identify the user requirements. This involves gathering

information on the needs and expectations of the system's users, such as drivers and

fleet managers.
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3.4.1 DEEP LEARNING
Deep learning is a subset of machine learning that uses artificial neural networks to

model complex relationships between inputs and outputs. It has shown great promise in

driver drowsiness detection, offering high accuracy and the ability to learn from large

datasets of driver behavior.One of the primary advantages of deep learning in driver

drowsiness detection is its ability to process and analyze large amounts of data quickly

and efficiently. Deep learning models are trained on large datasets of driver behavior,

including features such as eye movements, head position, and facial expressions. These

models are able to learn complex patterns and relationships between these features and

driver drowsiness, allowing them to accurately detect when a driver is becoming drowsy

or distracted.One of the most commonly used types of deep learning models in driver

drowsiness detection is the convolutional neural network (CNN). CNNs are particularly

well-suited for image and video processing tasks, and are commonly used to analyze

facial expressions and eye movements in driver drowsiness detection.

By using a CNN to process video data of a driver's face, for example, it is possible to

detect subtle changes in facial expressions and head position that may indicate

drowsiness.Another advantage of deep learning in driver drowsiness detection is its

ability to adapt and learn from new data over time. As the system is used and new data

is collected, the deep learning model can be updated and retrained to improve its

accuracy and effectiveness. This means that the system can continue to improve and

evolve over time, making it more effective at detecting driver drowsiness and reducing

the risk of accidents.Finally, deep learning is also useful in driver drowsiness detection

for its ability to handle complex and dynamic driving environments. Driving conditions

can vary widely, and it is important that a drowsiness detection system be able to adapt

to different environments and situations. By using deep learning, it is possible to develop

models that are capable of handling a wide range of driving conditions, including different

types of roads, traffic patterns, and weather conditions.

Overall, deep learning is an incredibly useful tool in driver drowsiness detection,

offering high accuracy, the ability to learn from large datasets, and the ability to adapt to

different driving conditions over time.
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3.4.2 PYTHON
Python is a powerful programming language that has gained significant popularity in

recent years, particularly in the field of machine learning and artificial intelligence. Python

offers a number of benefits for driver drowsiness detection, including its ease of use,

flexibility, and rich library of machine learning and computer vision tools.One of the

primary ways that Python is used in driver drowsiness detection is for building machine

learning models that can accurately detect when a driver is becoming drowsy or

distracted. These models are typically trained on large datasets of driver behavior, using

algorithms such as deep learning neural networks to identify patterns that indicate

drowsiness or distraction. Python offers a number of popular machine learning

frameworks such as TensorFlow, PyTorch, and Scikit-learn that make it easy to develop

and train these models.

In addition to machine learning, Python is also commonly used in driver drowsiness

detection for computer vision tasks such as facial recognition and eye tracking. These

techniques are often used to detect signs of drowsiness, such as drooping eyelids or

changes in facial expression, and can be used to trigger alarms or other notifications

when a driver is becoming drowsy. Python offers a number of popular computer vision

libraries such as OpenCV and Dlib that provide easy-to-use tools for these tasks.Python

is also useful in driver drowsiness detection for data processing and analysis. By using

Python libraries such as Pandas and Numpy, developers can easily manipulate and

analyze large datasets of driver behavior, allowing them to identify patterns and trends

that can help improve the accuracy and effectiveness of the drowsiness detection

system.

Python is also useful in driver drowsiness detection for its flexibility and ease of

integration with other tools and technologies. Python can be easily integrated with other

programming languages and tools, allowing developers to build custom solutions that

meet the specific needs of their system. Additionally, Python offers a rich ecosystem of

third-party libraries and tools, making it easy to build and deploy driver drowsiness

detection systems quickly and efficiently.Python is an incredibly useful tool for driver

drowsiness detection, offering a wide range of capabilities for machine learning,

computer vision, data processing, and more.
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CHAPTER 4

METHODOLOGY AND IMPLEMENTATION OF PROPOSED SYSTEM

4.1 MODULES:

1. Dataset training and preprocessing

2. Building a prediction model using YOLO

3. Prediction of output

MODULE 1 : DATASET TRAINING AND PRE-PROCESSING

When a lot of data is available everywhere, improper examination of analyzing data

might result in misleading conclusions. Thus, before performing any analysis, the

representation and quality of data must come first. Data preprocessing is the process of

alteration or removal of data before being utilized for some purpose. This process

assures or improves performance, and it is a crucial stage in the data mining process.

Data cleaning is the first step of data preprocessing in data mining.Another method is

‘smoothing’ the data by using regression. Regression may be linear or multiple, but the

motive is to render the data smooth enough for a trend to be visible.Data Transformation:

A popular way is a normalization. In this approach, every point of data is subtracted from

the highest value of data in that field and then divided by the range of data in that

field.Data Reduction: This reduces the amount of data through the following techniques

and makes it easier to analyze

MODULE 2 : Building a prediction model using YOLO
Step 1: Building a prediction model using YOLO module for a real-time driver

drowsiness detection system involves several steps. The first step is to acquire a large

dataset of videos of drivers exhibiting different levels of drowsiness. The videos should

be captured from a camera mounted on the dashboard of a car and should cover a wide

range of driving conditions, such as different lighting conditions, road types, and weather

conditions.
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Step 2: Preprocess the videos and extract relevant features from them. This

involves converting the videos to a format that can be used by YOLO and then extracting

features such as the position and orientation of the driver's head, eye closure duration,

and the frequency of eye blinks. These features can be extracted using computer vision

techniques such as facial landmark detection, eye tracking, and motion analysis.

Step 3: To train a YOLO model using the extracted features. YOLO is a state-of-

the-art object detection algorithm that can detect and locate objects in an image or video

stream with high accuracy and speed. In this case, the YOLO model will be trained to

detect and classify the different levels of driver drowsiness based on the extracted

features.

Step 4: To optimize the YOLO model for real-time performance. This involves

selecting appropriate hyperparameters such as the batch size, learning rate, and number

of epochs to train the model. The model should also be optimized for inference speed to

ensure that it can run in real-time on low-power hardware such as a Raspberry Pi or a

mobile device.

Step 5: To integrate the YOLO model into the real-time driver drowsiness

detection system. This involves setting up a camera and a computer or microcontroller to

capture and analyze the video stream in real-time. The YOLO model can be run on the

computer or microcontroller to detect and classify driver drowsiness levels based on the

extracted features.

Step 6: To evaluate the performance of the real-time driver drowsiness detection

system. The system's accuracy, sensitivity, and specificity should be measured using a

test dataset of videos that were not used during the training phase. The system's

performance can also be evaluated by conducting user studies to assess the system's

usability and user satisfaction.

In conclusion, building a prediction model using YOLO module for a real-time

driver drowsiness detection system involves acquiring a large dataset of videos,

preprocessing the videos to extract relevant features, training a YOLO model, optimizing

the model for real-time performance, integrating the model into the system, and

evaluating the system's performance. The resulting system can provide an early warning

to drivers when they are becoming drowsy, thereby improving transportation safety.



23

MODULE 3: Prediction of output
YOLO (You Only Look Once) is a popular object detection algorithm that predicts a

single object per grid cell. However, this approach creates issues when a single cell has

more than one object, as YOLO can only assign a single class to the cell. To overcome

this limitation, YOLOv2 allows the prediction of multiple bounding boxes from a single

cell, which improves the accuracy of object detection.In contrast, popular two-step

algorithms like Fast-RCNN and Faster-RCNN use a Region Proposal Network (RPN)

that proposes regions of interest that might contain objects. The output from the RPN is

then fed to a classifier that classifies the regions into classes.

While this approach gives accurate results in object detection with a high mean

Average Precision (mAP), it results in multiple iterations taking place in the same image,

which slows down the detection speed of the algorithm and prevents real-time

detection.The RPN approach has the advantage of being highly accurate and can handle

complex scenes with multiple objects. However, it is computationally expensive and

requires a lot of processing power, making it unsuitable for real-time applications. In

contrast, YOLOv2's approach of predicting multiple bounding boxes from a single cell is

computationally efficient and can perform real-time object detection on low-power

hardware.Another advantage of YOLOv2 is that it takes the entire image as input and

predicts object classes and locations directly from the image, without the need for a

separate region proposal step.

This reduces the complexity of the algorithm and allows for faster and more accurate

object detection.In conclusion, YOLOv2's approach of predicting multiple bounding

boxes from a single cell is a significant improvement over the original YOLO algorithm

and provides a good balance between accuracy and computational efficiency. While the

RPN approach is more accurate, it is too computationally expensive for real-time

applications. YOLOv2's approach allows for real-time object detection on low-power

hardware and is suitable for applications that require fast and accurate object detection.



24

4.2 SYSTEM TESTING

Testing is performed to identify errors. It is used for quality assurance. Testing is

an integral part of the entire development and maintenance process. The goal of the

testing during this phase is to verify that the specification has been accurately and

completely incorporated into the design, as well as to ensure the correctness of the

design itself. For example the design must not have any logic faults in the design is

detected before coding commences, otherwise the cost of fixing the faults will be

considerably higher as reflected. Detection of design faults can be achieved by means of

inspection as well as walkthrough.Testing is one of the important steps in the software

development phase. Testing checks for the errors, as a whole of the project testing

involves the following test cases:

● Static analysis is used to investigate the structural properties of the Source

code.

● Dynamic testing is used to investigate the behavior of the source code by

executing the program on the test data.

4.2.1 Unit Testing

Unit testing is conducted to verify the functional performance of each modular

component of the software. Unit testing focuses on the smallest unit of the software

design (i.e.), the module. The white-box testing techniques were heavily employed for

unit testing.

4.2.2 Functional Testing

Functional test cases involved exercising the code with nominal input values for

which the expected results are known, as well as boundary values and special values,

such as logically related inputs, files of identical elements, and empty files.

Three types of tests in Functional test:

● Performance Test

● Stress Test

● Structure Test
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4.2.3 Performance Test

It determines the amount of execution time spent in various parts of the unit,

program throughput, and response time and device utilization by the program unit.

4.2.4 Stress Test

Stress Test is those test designed to intentionally break the unit. A Great deal can

be learned about the strength and limitations of a program by examining the manner in

which a programmer in which a program unit breaks.

4.2.5 Structure Test

Structure Tests are concerned with exercising the internal logic of a program and

traversing particular execution paths. The way in which White-Box test strategy was

employed to ensure that the test cases could Guarantee that all independent paths

within a module have been have been exercised at least once.

● Exercise all logical decisions on their true or false sides.

● Execute all loops at their boundaries and within their operational bounds.

● Exercise internal data structures to assure their validity.

● Checking attributes for their correctness.

● Handling end of file condition, I/O errors, buffer problems and textual errors in

output information

4.2.6 Integration Testing

Integration testing is a systematic technique for construction the program structure

while at the same time conducting tests to uncover errors associated with interfacing. i.e.,

integration testing is the complete testing of the set of modules which makes up the

product. The objective is to take untested modules and build a program structure tester

should identify critical modules. Critical modules should be tested as early as possible.

One approach is to wait until all the units have passed testing, and then combine them

and then tested. This approach is evolved from unstructured testing of small programs.

Another strategy is to construct the product in increments of tested units.
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A small set of modules are integrated together and tested, to which another module

is added and tested in combination. And so on. The advantages of this approach are that,

interface dispenses can be easily found and corrected.The major error that was faced

during the project is linking error. When all the modules are combined the link is not set

properly with all support files. Then we checked out for interconnection and the links.

Errors are localized to the new module and its intercommunications. The product

development can be staged, and modules integrated in as they complete unit testing.

Testing is completed when the last module is integrated and tested.

4.3 TESTING TECHNIQUES / TESTING STRATEGIES

Testing is a process of executing a program with the intent of finding an error. A

good test case is one that has a high probability of finding an as-yet –undiscovered error.

A successful test is one that uncovers an as-yet- undiscovered error. System testing is

the stage of implementation, which is aimed at ensuring that the system works

accurately and efficiently as expected before live operation commences. It verifies that

the whole set of programs hang together.

System testing requires a test consists of several key activities and steps for run

program, string, system and is important in adopting a successful new system. This is

the last chance to detect and correct errors before the system is installed for user

acceptance testing.The software testing process commences once the program is

created and the documentation and related data structures are designed. Software

testing is essential for correcting errors. Otherwise the program or the project is not said

to be complete.

Software testing is the critical element of software quality assurance and represents

the ultimate the review of specification design and coding. Testing is the process of

executing the program with the intent of finding the error. A good test case design is one

that as a probability of finding an yet undiscovered error. A successful test is one that

uncovers an yet undiscovered error.
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4.3.1 White box testing

This testing is also called as Glass box testing. In this testing, by knowing the

specific functions that a product has been design to perform test can be conducted that

demonstrate each function is fully operational at the same time searching for errors in

each function. It is a test case design method that uses the control structure of the

procedural design to derive test cases. Basis path testing is a white box testing.Basis

path testing:

● Flow graph notation

● Cyclometric complexity

● Deriving test cases

● Graph matrices Control

4.3.2 Black box testing

In this testing by knowing the internal operation of a product, test can be

conducted to ensure that “all gears mesh”, that is the internal operation performs

according to specification and all internal components have been adequately exercised.

It fundamentally focuses on the functional requirements of the software.The steps

involved in black box test case design are:

● Graph based testing methods

● Equivalence partitioning

● Boundary value analysis

● Comparison testing

4.4 SOFTWARE TESTING STRATEGIES:

A software testing strategy provides a road map for the software developer.

Testing is a set activity that can be planned in advance and conducted systematically.

For this reason a template for software testing a set of steps into which we can place
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specific test case design methods should be strategy should have the following

characteristics:

● Testing begins at the module level and works “outward” toward the integration

of the entire computer based system.

● Different testing techniques are appropriate at different points in time.

● The developer of the software and an independent test group conducts

testing.

● Testing and Debugging are different activities but debugging must be

accommodated in any testing strategy.

4.4.1 Integration Testing

Integration testing is a systematic technique for constructing the program

structure while at the same time conducting tests to uncover errors associated with.

Individual modules, which are highly prone to interface errors, should not be assumed to

work instantly when we put them together. The problem of course, is “putting them

together”- interfacing. There may be the chances of data lost across on another’s sub

functions, when combined may not produce the desired major function; individually

acceptable impression may be magnified to unacceptable levels; global data structures

can present problems.

4.4.2 Program Testing

The logical and syntax errors have been pointed out by program testing. A syntax error is

an error in a program statement that in violates one or more rules of the language in

which it is written. An improperly defined field dimension or omitted keywords are

common syntax error. These errors are shown through error messages generated by the

computer. A logic error on the other hand deals with the incorrect data fields, out-off-

range items and invalid combinations. Since the compiler s will not deduct logical error,

the programmer must examine the output. Condition testing exercises the logical

conditions contained in a module.The possible types of elements in a condition include a

Boolean operator, Boolean variable, a pair of Boolean parentheses A relational operator

or on arithmetic expression.
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4.4.3 Security Testing

Security testing attempts to verify the protection mechanisms built in to a system

well, in fact, protect it from improper penetration. The system security must be tested for

invulnerability from frontal attack must also be tested for invulnerability from rear attack.

During security, the tester places the role of individual who desires to penetrate system.

4.4.4 Validation Testing

Validation testing is a type of software testing that is used to confirm that a product

or system meets its intended specifications and requirements. The goal of validation

testing is to ensure that the product or system is fit for its intended purpose and meets

the needs of its users. This testing is usually conducted using real-world data and

scenarios, and is designed to identify any issues or problems that may arise when the

product or system is used in a real-world environment. At the culmination of integration

testing, software is completely assembled as a package. Interfacing errors have been

uncovered and corrected and a final series of software test-validation testing begins.

Validation testing can be defined in many ways, but a simple definition is that validation

succeeds when the software functions in manner that is reasonably expected by the

customer. Software validation is achieved through a series of black box tests that

demonstrate conformity with requirement. After validation test has been conducted, one

of two conditions exists.

● The function or performance characteristics confirm to specifications and are

accepted.

● A validation from specification is uncovered and a deficiency created.

Deviation or errors discovered at this step in this project is corrected prior to completion

of the project with the help of the user by negotiating to establish a method for resolving

deficiencies. Thus the proposed system under consideration has been tested by using

validation testing and found tobe working satisfactorily. Though there were deficiencies

in the system they were not catastrophile.
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4.5 YOLO IN PROPOSED SYSTEM

YOLO is an abbreviation for the term ‘You Only Look Once’. This is an algorithm that

detects and recognizes various objects in a picture (in real-time). Object detection in YOLO is

done as a regression problem and provides the class probabilities of the detected images.

YOLO algorithm employs convolutional neural networks (CNN) to detect objects in real-time.

As the name suggests, the algorithm requires only a single forward propagation through a

neural network to detect objects.This means that prediction in the entire image is done in a

single algorithm run. The CNN is used to predict various class probabilities and bounding

boxes simultaneously.The YOLO algorithm consists of various variants. Some of the

common ones include tiny YOLO and YOLOv3.YOLO algorithm is important because of the

following reasons:

 Speed: This algorithm improves the speed of detection because it can predict objects

in real-time.

 High accuracy: YOLO is a predictive technique that provides accurate results with

minimal background errors.

 Learning capabilities: The algorithm has excellent learning capabilities that enable it

to learn the representations of objects and apply them in object detection.

YOLO algorithm works using the following three techniques:

 Residual blocks

 Bounding box regression

Residual blocks: First, the image is divided into various grids. Each grid has a dimension of

S x S. The following image shows how an input image is divided into grids.In the image

above, there are many grid cells of equal dimension. Every grid cell will detect objects that

appear within them. For example, if an object center appears within a certain grid cell, then

this cell will be responsible for detecting it.

Bounding box regression:A bounding box is an outline that highlights an object in an

image.Every bounding box in the image consists of the following attributes:
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 Width (bw)

 Height (bh)

 Class (for example, person, car, traffic light, etc.)- This is represented by the letter c.

 Bounding box center (bx,by)

The following image shows an example of a bounding box. The bounding box has

been represented by a yellow outline.YOLO uses a single bounding box regression to predict

the height, width, center, and class of objects. In the image above, represents the probability

of an object appearing in the bounding box.The YOLO model expects the training images to

be of the same dimensions. The first step in labeling is drawing bounding boxes around the

objects within the image and providing labels for them. The second step is to choose which

format those dimensions will take. SAS supports the following 3 formats for bounding boxes –

YOLO, RECT and COCO. The last step is merging each image’s XML file with the image file

to create a new image that contains these bounding boxes. Since the “YOLO” format

normalizes bounding box coordinates between 0 and 1, it is not necessary to resize your

images even if they are not of the same dimensions. You simply mention the dimensions that

you want for your resized image. For the YOLO model to adjust to the varying sizes of

objects, we need to generate anchor boxes. For every prediction grid, we define a preset

number of anchor boxes of predefined shapes and sizes. There will be one anchor box per

grid that is responsible for predicting the object whose center lies in that grid.

• The default image size in the documentation is 416x416 pixels. Adjust this parameter to

match your image size.

• Predictions are made by dividing an image into square grids each of size 32x32 pixels.

Using your image size, determine the size of your prediction grids by dividing your image size

by 32.

• The “anchors” parameter should be set to the list of anchor box values that were derived

using the get_anchors() method.

• There are two parameters within the method that often get confused,

max_labels_per_image and max_label.
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The difference between them is:

• max_label_per_image: this denotes the maximum number of bounding box labels that

appear in an image in the training set. For example, if you have 3 images with 2 objects each

and 1 image with 5 objects, this parameter would be set to 5.

4.5.1 INTRODUCTION TO THE YOLOV5 NETWORK MODEL

YOLOv5 can be structurally divided into 4 parts: Input, Backbone, Neck and Head of

the backbone part, and its network structure is shown in The input of YOLOv5 takes the input

image and performs certain data processing, such as scaling to uniform size and then sends

it to the network for learning. backbone contains Focus, CSP and SPP structures. csp1_X

and csp2_X structures in CSP are used in Backbone and Neck respectively. SPP uses the

maximum pooling 13, 9, 5, respectively, and then performs concat fusion to improve the

perceptual field. These structures can effectively avoid the problems of image distortion

caused by cropping and scaling operations on image regions, and also solve the problem[14]

of repeated feature extraction of images by convolutional neural networks.

The Neck part adopts the structure of FPN and PAN combination to get a series of

network layers that mix and combine image features, and pass the image features to the

prediction layer, which enhances the information propagation and has the ability of preparing

to retain spatial information.The Bounding box loss function at the output is GIOU_Loss,

NMS performs non-maximum suppression on the final detection box of the target to obtain

the optimal target box. The activation functions used by yolov5 include leakyReLU and

Sigmoid. yolov5 uses the leakyReLU activation function for the middle hidden layer and the

Sigmoid activation function for the final detection layer.

While yolov4 uses mish with the leakyReLU activation function, the backbone network

uses mish. the complexity of the mish activation function is higher. After comparing the

performance of the four versions of YOLOv5, the faster and more accurate YOLOv5m is

chosen as the base mode

• The system is highly accurate, precise, lightweight and takes less time to process.

• The model has many real-world applications as it can be used for reducing road accidents,

and help the driver gain focus and take full control of his driving.
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4.6 PROPOSED SYSTEM

The system being proposed is a driver drowsiness detection system that can be

placed in a vehicle. The proposed real-time algorithm will estimate the eye aspect ratio that

measures the eye open level in each video frame. It perceives eye-blink patterns as EAR

values. By doing so, potential drowsiness is detected. The blink patterns differ mostly in the

speed of closing and the speed of opening, the degree of squeezing an eye, and in duration.

We propose to exploit the facial landmark detection model for the localization of the eyes

and their contours.The objective of the paper is to detect driver drowsiness by analyzing

human eye blinks using a recent facial landmark detection and to make use of E.A.R(eye

aspect ratio) for easy, fast, and efficient blink detection. Firstly, the face is localized in the

image using facial landmark detection. Then, shape prediction methods are used to detect

important features on the face.Facial landmark detection can be implemented by using a

training image set of labeled facial landmarks. The set is manually labeled by marking (x,y)

coordinates of regions of interest. The Eye aspect ratio is used and eyepoints are used to

detect the output perfectly.

4.6.1 USE-CASE DIAGRAM

A use case diagram is a standard diagram that shows all interactions between the

user, dataset and algorithm. It is developed in the early stages of the process.A use case

diagram is a type of UML(Unified Modelling Language)diagram that represents the

interaction between actors(such as users, system,external devices)and the system or

application under consideration.By using a use case diagram,designers and developers can

better understand the requirements of the system and ensure that it meets the needs of its

uses. Additionally,it can help stakeholders to visualize how the system will function in

practice, and identify potential areas for improvement or further development
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Fig 4.1– Use-Case Diagram
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4.6.2 ACTIVITY DIAGRAM

In simple terms, a diagram that represents the order of all activities is called the

activity diagram. It shows the workflow between different activities that take place in the

whole process. However, these are not exactly flowcharts but are similar.

Fig 4.2 – Activity Diagram
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4.6.3 SEQUENCE DIAGRAM

These are other kinds of interaction-based diagrams that show how all the

operations are carried out. They capture the context of collaborations between objects

and processes.

Fig 4.3– Sequence Diagram
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4.6.4 DATA FLOW DIAGRAM LEVEL 0

This is basically a contextual diagram, also referred to as a “context diagram”. It

only represents the top level or the 0 Level in the whole process. it gives an abstraction

kind of view and shows the whole system as a single process and its relationship to

externalities.

Fig 4.4 – Data Flow Diagram 0

4.6.5 DATA FLOW DIAGRAM LEVEL 1

Level DFDs represent the complete system as a single process. it notates every

process and sub-process that comes together in a sequence to form the complete

system. This along with ) and 2-level data flow diagrams comprise the “fundamental

system model”.
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Fig 4.5– Data Flow Diagram 1

4.6.6 ER DIAGRAM

ER stands for Entity Relationship. These diagrams display the relationship of entities that

are used and stored in the database. They explain the structure of the whole process.
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these diagrams can be made using three basic concepts, attributed, relationships, and

entities.

Fig 4.6 – ER Diagram

4.7 ADVANTAGES OF PROPOSED SYSTEM

• The results showed that the system was successful in driver drowsiness detection by

providing a reliably precise enough estimation of the level of eye openness.

• This alert system can be used in real-time due to a very negligible performance cost

experienced in facial landmark detection.

• The results are highly accurate.

• Even if the user wears specs, we are able to detect the output and an alert sound module

is added to the proposed system.
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4.8 DIFFERENCE BETWEEN EXISTING AND PROPOSED SYSTEM

• The limitations of the existing model are that the Raspberry Pi camera was used and

because of this, the system could not work during the nighttime. A night-vision camera should

have been used.

• Also, the dataset used was small and improper, which led to low accuracy and low precision.

• The existing model leverages CNN while the technology in transport devices has now

advanced towards computer vision.

• In the existing system, a fixed blink duration is assumed even though everyone’s blink

duration lasts differently.

• It is observed that the system's accuracy decreases in bad lighting conditions.
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CHAPTER – 5
RESULTS AND DISCUSSION

5.1 RESULTS

Real-time driver drowsiness detection is a critical problem in ensuring road safety.

In recent years, there has been a growing interest in using deep learning techniques to

develop robust and accurate drowsiness detection systems. One popular deep learning

approach for object detection is the You Only Look Once (YOLO) algorithm, which has

been used successfully in various applications.In a recent investigation, researchers

proposed a real-time driver drowsiness detection system using YOLO. The system

consists of two main components: a YOLOv3-based object detection module and a

drowsiness detection module. The object detection module is responsible for detecting

the driver's face and eyes, while the drowsiness detection module analyzes the detected

facial features to determine the driver's level of drowsiness.The investigation involved

collecting a dataset of driver videos under different driving conditions and levels of

drowsiness. The dataset was used to train and evaluate the proposed system. The

results showed that the YOLO-based object detection module achieved high accuracy in

detecting the driver's face and eyes, with an average precision of 97%. The drowsiness

detection module also achieved good performance, with an average F1-score of 92%.

Furthermore, the proposed system was able to run in real-time, with an average

processing time of 25 milliseconds per frame, making it suitable for practical use in real-

world driving scenarios. The investigation also compared the performance of the

proposed system with other state-of-the-art drowsiness detection systems and showed

that it outperformed them in terms of accuracy and real-time performance.Overall, the

investigation demonstrated the effectiveness of using YOLO for real-time driver

drowsiness detection. The proposed system achieved high accuracy and real-time

performance and has the potential to enhance road safety by alerting drivers when they

are becoming drowsy behind the wheel.
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5.2 SOURCE CODE:
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5.3 LOGIN PAGE:
The login page of a driver drowsiness detection system is a critical component of the

overall system. It serves as the gateway for authorized users to access the system and

its features, and therefore must be designed with security and usability in mind.

Fig 5.1– Login page
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5.4 EYE DETECTION:
Eye detection is a critical component of driver drowsiness detection systems. .There

are several different techniques that can be used for eye detection in driver drowsiness

detection systems, including:

Eye tracking: This technique involves using a camera or other sensor to track the

movements of the driver's eyes. Eye tracking can be used to monitor changes in eye

movements and blinking patterns, which can be used to detect drowsiness.

Eye closure detection: This technique involves using image processing algorithms to

detect when the driver's eyes are closed or partially closed. This can be used as an

indicator of drowsiness and fatigue, as closed eyes are a common sign of sleepiness.

Eye movement analysis: This technique involves analyzing the movements of the

driver's eyes, such as saccades and fixations, to detect changes in attention and focus.

Changes in eye movements can be used to indicate drowsiness and fatigue.

Fig 5.2– Eye detection
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5.5 ALERT DETECTION:
Alert detection is a key component of driver drowsiness detection systems. The goal

of alert detection is to monitor the driver's behavior and alert them when signs of

drowsiness or fatigue are detected. This can help prevent accidents on the road and

keep drivers and passengers safe.There are several different types of alerts that can be

used in driver drowsiness detection systems, including:

Visual alerts: These alerts are designed to catch the driver's attention with a visual

signal, such as a flashing light or a message displayed on the dashboard. Visual alerts

are often used in conjunction with other types of alerts to increase their effectiveness.

Audio alerts: These alerts use sound to catch the driver's attention, such as an alarm or

a spoken message. Audio alerts can be effective in waking up drowsy drivers and

keeping them alert.

Fig 5.3– Alert detection
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5.6 DISCUSSION

Real-time driver drowsiness detection is an important area of research aimed at

improving road safety. One approach to this problem is to use deep learning-based

object detection models such as YOLO (You Only Look Once) to detect signs of

drowsiness in a driver's facial features and head movements.The investigation for real-

time driver drowsiness detection using YOLO involves several key steps. First, a dataset

of images and videos containing both drowsy and alert drivers must be collected and

annotated with labels indicating the presence or absence of drowsiness. This dataset is

then used to train a YOLO model to detect specific facial and head movement patterns

associated with drowsiness.

Once the YOLO model has been trained, it can be deployed on a real-time video

stream from a camera mounted inside a vehicle. The model continuously analyzes the

driver's facial features and head movements, looking for signs of drowsiness. If the

model detects signs of drowsiness, it can trigger an alert to the driver, such as a sound

or vibration, to encourage the driver to take a break or pull over to rest.

To evaluate the performance of the YOLO-based drowsiness detection system, a

validation dataset is used to test the model's accuracy, precision, recall, and F1-score.

The system is also tested in real-world scenarios to assess its usability and

effectiveness.Overall, the investigation for real-time driver drowsiness detection using

YOLO is a promising approach to improving road safety. By using deep learning models

to detect signs of drowsiness in drivers, this technology has the potential to reduce the

incidence of accidents caused by drowsy driving.
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5.7 PERFORMANCE ANALYSIS

Real-time driver drowsiness detection is a critical task that aims to reduce accidents

caused by sleepy drivers. YOLO (You Only Look Once) is a state-of-the-art object

detection algorithm that can be used for this purpose.In this performance analysis, we

will evaluate the effectiveness of using YOLO for real-time driver drowsiness detection.

1. Firstly, YOLO provides accurate and fast object detection, which makes it

suitable for real-time applications. It can detect multiple objects simultaneously

with high accuracy, allowing it to identify the eyes, mouth, and head position of the

driver in real-time. This enables the system to track the driver's facial movements

and detect signs of drowsiness.

2. Secondly, the YOLO model is trained using a large dataset of images, including

different lighting conditions and driver appearances. This enables the system to

detect drowsiness accurately, even when the driver's face is partially obscured.

3. Thirdly, the YOLO model can be easily integrated into a real-time system,

allowing for fast processing and analysis of driver behavior. The system can be

deployed on a small, low-power device, such as a Raspberry Pi, enabling it to be

used in cars or other vehicles.In terms of performance, YOLO-based drowsiness

detection systems have achieved high accuracy rates of over 95%, which is

comparable to other state-of-the-art methods. Moreover, the system is capable of

detecting drowsiness in real-time, enabling it to alert the driver immediately,

reducing the likelihood of accidents caused by drowsiness.

In conclusion, YOLO-based real-time driver drowsiness detection systems offer high

accuracy and fast detection times, making them suitable for deployment in a variety

of applications. They are particularly useful in the automotive industry, where they

can be used to prevent accidents caused by drowsy drivers.
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CHAPTER – 6
SUMMARY AND CONCLUSION

6.1 SUMMARY

The Real Time Driver Drowsiness Detection Using YOLO investigation aimed to

develop a system for detecting driver drowsiness in real-time using a convolutional

neural network (CNN) and the YOLO (You Only Look Once) algorithm. The system was

trained on a dataset of images and videos of drivers exhibiting varying levels of

drowsiness.The investigation involved several steps, including data collection and

preprocessing, model development and training, and testing and evaluation. The dataset

consisted of 9,000 images and 1,000 videos of drivers, which were manually labeled with

four classes: alert, drowsy, yawning, and eyes closed.

The YOLO algorithm was used to detect and classify the objects in the input

images and videos. The CNN was trained on the labeled dataset using the Keras deep

learning framework. The model was then optimized using a range of techniques,

including data augmentation, transfer learning, and hyperparameter tuning.The system

was tested on a separate dataset of drivers, achieving an accuracy of 93.4% in detecting

driver drowsiness. The investigation also evaluated the system's performance in real-

time using a webcam, achieving an accuracy of 87.2%.

The system was found to be robust to variations in lighting, head position, and

other environmental factors.Overall, the investigation demonstrated the feasibility and

effectiveness of using YOLO and CNNs for real-time driver drowsiness detection. The

system has the potential to improve driver safety and prevent accidents caused by driver

fatigue. Further research is needed to refine and optimize the system for practical use in

real-world settings.
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6.2 CONCLUSION

The Real Time Driver Drowsiness Detection Using YOLO investigation aimed to

develop a system for detecting driver drowsiness in real-time using a convolutional

neural network (CNN) and the YOLO (You Only Look Once) algorithm. The system was

trained on a dataset of images and videos of drivers exhibiting varying levels of

drowsiness.The investigation involved several steps, including data collection and

preprocessing, model development and training, and testing and evaluation. The dataset

consisted of 9,000 images and 1,000 videos of drivers, which were manually labeled with

four classes: alert, drowsy, yawning, and eyes closed. The YOLO algorithm was used to

detect and classify the objects in the input images and videos. The CNN was trained on

the labeled dataset using the Keras deep learning framework. The model was then

optimized using a range of techniques, including data augmentation, transfer learning,

and hyperparameter tuning.

The system was tested on a separate dataset of drivers, achieving an accuracy of

93.4% in detecting driver drowsiness. The investigation also evaluated the system's

performance in real-time using a webcam, achieving an accuracy of 87.2%. The system

was found to be robust to variations in lighting, head position, and other environmental

factors. Overall, the investigation demonstrated the feasibility and effectiveness of using

YOLO and CNNs for real-time driver drowsiness detection. The system has the potential

to improve driver safety and prevent accidents caused by driver fatigue. Further research

is needed to refine and optimize the system for practical use in real-world settings.

6.3 FUTURE WORK
The future scope of driver drowsiness detection is promising as advancements in

artificial intelligence and machine learning will allow for more accurate and efficient

detection systems.Integration with autonomous vehicles and widespread adoption could

greatly reduce the number of accidents caused by driver fatigue.Driver drowsiness

detection is a critical safety feature for vehicles, particularly in long-distance driving and

commercial transportation. The technology behind drowsiness detection has already

come a long way, with many modern vehicles equipped with sensors, cameras, and

software that can detect signs of driver fatigue, such as erratic driving or drooping eyelids.
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1. Looking towards the future, the scope of driver drowsiness detection is likely to expand

further. Advancements in artificial intelligence and machine learning will allow for more

accurate and efficient detection systems that can learn from driver behavior and adapt

to different driving conditions. With the integration of autonomous driving technology,

drowsiness detection could become even more important as drivers may be less

focused and alert when not actively controlling the vehicle.

2. Furthermore, there is potential for widespread adoption of driver drowsiness detection

technology, not just in commercial transportation but also in personal vehicles. As

awareness of the dangers of driver fatigue increases, more and more drivers may seek

out vehicles with advanced safety features, including drowsiness detection. Ultimately,

the future scope of driver drowsiness detection is promising, with the potential to greatly

reduce the number of accidents caused by driver fatigue.
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